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Bernard: Hey Mercedes. 

Mercedes: How may I help you? 

Bernard: It's a bit cold in here.  

Mercedes: I'm increasing the temperature on the driver's side to 23 degrees.  

Bernard: Thank you. Hey Mercedes.  

Mercedes: How can I help? 

Bernard: I'm actually still cold.  

Mercedes: I'm sorry, can you say that again, please? 

Bernard: I'm still cold.  

Mercedes: I'm increasing the temperature on the driver's side to 24 degrees.  

Bernard: Thank you. What do you think about BMW, if I may ask? 

Mercedes:   I'm sorry, can you say that again please?  

Bernard:   What do you think about BMW?  

Mercedes:   The same as you do. Otherwise we would not be sitting here. 

Bernard:   Hello everyone, hi Erika and hi Veronika. What you've just 

listened to was me having a chat with my wife's new car. This is 

one of the examples that we'll talk about today, voice recognition, 

in a more general topic, language technology.  

So Erika and Veronika, can I ask your opinion as linguists but also as 

just people, what do you think about this conversation I had with my 

wife's car? 
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Erika: Well hi everyone, greetings from the Netherlands and well, my first 

impression was poor Bernard, where is your wife? You should be 

chatting to your wife instead of your car.  

Bernard: Okay, let's just keep things strictly professional, shall we? (Laughter) 

Veronika: Yes, so with my linguist hat on, I mean it's really quite advanced. 

Probably much more advanced than it was five let alone seven, eight 

years ago.  

Bernard: Well, I can actually compare it to my own car, which also has voice 

recognition. But when I tell it to call Mary, it might as well call Bob. So 

there you go.  

Veronika: Yeah, that's not good enough, is it? No, but what this can do, it can 

actually read conversational implicature, when you make these indirect 

meanings. So you just say, "Oh it's a bit cold in here". That's a typical 

indirect speech act, right? And it can actually pick up what you really 

want to say, which is, you know, turn up the temperature and it does 

that. So that's quite amazing, actually.  

Bernard: Absolutely, and it keeps on doing this, even if you change lexical 

patterns, it still captures the main message so to speak. So that was 

quite interesting.  

Erika: What you did at the end when you asked the car about BMW, it 

reminded me of Siri and chatting to the computer, at which point we may 

as well ask Siri to properly introduce us, the hosts of Words and Actions, 

the podcast you are listening to. This podcast is about language in… 

(laughs) 

Veronika: Just to remind you what we're doing here, Erika: it's actually a podcast 

about how language matters in business, politics and beyond.  

Erika: I need Siri for that too, now, for the reminder. But thank you. But yes, 

Bernard, that was a fantastic question. What do you think about BMW? 

And it makes the car really chatty. 
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Bernard: Yeah, it has different answers, actually. So this one that we listened to 

was very cheeky, but at another point the answer was ‘good friends from 

Bavaria’.  

Veronika: So that's a bit less confrontational.  

Bernard: Yeah, and you can also ask the car how she's doing, or how he's doing, 

or whatever. And then, you get answers like ‘I'm fine,’ but also things 

like, ‘Even better now hearing your voice’.  

Veronika: Oooh, it's almost flirtatious, isn't it? 

Bernard: And then my wife became jealous, and I had to get out of the car. 

(Laughter)  

Veronika: But seriously, I mean, I have the impression that this is really 

impressive. But you need to still keep the message quite simple, don't 

you? Because when you start adding filler words or extra words, then 

you need rephrasing. So at one point you said, ‘I'm actually still cold’. 

And it asked for clarification, and you had to say, ‘I am still cold’. 

Bernard: That's true, so the things that we do as humans in normal conversations 

where we want to soften things when we're asking or we're giving 

instructions, ‘sorry’ or asking for something, that is not picked up by the 

machine just yet.  

Veronika: What was really interesting, Bernard, I don't know if you noticed that at 

the time, but you actually related to that software, because you actually 

thanked her.  

Bernard: Yeah, then you should picture me sitting in the car, actually thanking the 

car and being self-conscious about it. But it also shows you that the 

illusion of having a dialogue is disrupted fast because she didn't reply 

anymore. She didn't say, ‘You're welcome’. And the reason is because 

they need an instruction, or she needs an instruction and then she starts 

working. So the chattiness has limits.  

Veronika: Yeah, a lot of potential, but still some flaws, still some shortcomings, I 

guess we could sum it up like that.  
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Erika: And talking about flirtatious, Bernard, why did your car speak as a 

woman? Did you set it? 

Bernard: No, no, actually in all honesty, my own car has a female voice as well. 

So my wife's car has a female voice, and I'm not sure. But I think in your 

case satnav voices, many of them are female, right? 

Veronika: But why do you think that is? Is that because we think of women as 

serving us? Or would it change if it was a man's voice? Is there any 

research that people trust and follow orders from machines differently 

depending on whether they have a male or female voice? 

Bernard: Well there is, and the answer is quite complicated. One of the 

explanations is related to biology. Studies have shown that in general 

we tend to prefer female voices. So it's easier to find a female voice that 

everyone likes, or a company for instance when you're a car 

manufacturer. So that was one explanation. Another explanation has to 

do with acoustics. The pitch range of females [is wider] and also the 

pitch itself is higher, which apparently makes it easier to distinguish a 

female voice from background noise, such as car engines or tyres.  

Veronika: There's two things here, right? So pitch is really just how long are your 

vocal cords, but pitch range is something that a speaker can influence. 

And I sometimes listen to professional women talking who really seem 

to, deliberately or not, have quite a limited pitch range and keep it all 

fairly flat in the middle. Whereas you can't do anything or not very much 

about the actual pitch of your voice.  

Erika: Yes, and that's interesting because on the one hand it may be to do with 

the physics of hearing higher pitches. But it also has to do with 

charisma, so people who have more varied pitch ranges are thought to 

be more charismatic speakers. And in fact, there's a really fascinating 

experiment. Two researchers, Oliver Niebuhr and Jan Michalsky, they 

set up an experiment where they made people test the satnav system. 

And the satnav spoke either with the voice of Mark Zuckerberg, who is 

an infamously monotonous speaker, the other speaker was Steve Jobs. 

But what the people in the experiment didn't know was that they were 
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not trying a satnav system, they were being misled by remote controlled 

satnav. Mark Zuckerberg's voice and Steve Jobs' voice were giving 

them wrong directions.  

And what the researchers found was that people 

were more inclined and followed wrong instructions significantly longer 

when it was spoken to them in Steve Jobs' voice. So more charismatic, 

[wider] pitch range, against even their own eyesight of driving the wrong 

way.  

Veronika: That's acoustics still, you know, and what we associate with certain 

prosodic features. What about cultural stereotypes though, about male 

and female voices?  

Bernard: Well, you know, they are still there. So you were mentioning the serving 

role of the woman with the female voice then. But even in those 

circumstances males tend or in some cases objected. So a car 

manufacturer in Germany in the late 90s had to reprogram the satnav 

system because there were too many complaints by males. They didn't 

want to be ordered about by a woman.  

Veronika: It would be interesting to see what that's like now, 20 or 30 years on.  

Bernard: Yeah, and in some Arab countries where women are still forbidden to 

drive or used to be forbidden to drive, you still have a tendency to use 

male voices in satnavs. So the story is a complicated one, you do have 

the biological facts, but at the same time you also have the cultural 

stereotyping still, and those run deep.  

Erika: Okay, so voice recognition, we've discussed at great length, but this 

episode of course is about language and technology or language 

technology. And our aim again is to show just how much language 

matters and especially when humans interact with new technologies. 

And we have also a little mission to show what the study of language- 

Veronika: We don't have a little mission, Erika, come on. Don't talk ourselves 

down.  
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Erika: Okay, a major mission to show what the study of language can offer and 

why language technology actually needs linguists.  

Veronika: So yeah, we're covering various things today, so natural language 

processing, we've already talked about voice recognition. We talk about 

machine translation, sentiment analysis, chatbots with a number of 

guests. But also, we should perhaps say when we prepared this 

episode, we had really mixed feelings. So everything from curiosity to 

trepidation about recent developments. Some of us struggled with it, will 

linguists become obsolete? Are we losing the human touch?  

Some others of us were a bit more enthusiastic. 

So it hasn't left us untouched, put it that way. But what we want to do is 

really, we want to get a better understanding of the possibilities that 

these applications have but also their limitations. And that's why we 

have interviews with several guests.  

Bernard: Yes, and so we'll talk with Joke Daems about automatic translation. 

We'll talk with Orphée De Clercq about sentiment analysis and 

applications in teaching. And then, we'll have Doris Dippold, who will tell 

us more about chatbots.  

Erika: Okay, so we've already talked about voice recognition. So let's have a 

look at natural language processing, any immediate examples? 

Bernard: What comes to mind when I think of natural language processing is, the 

first thing is perhaps on a small scale, a daily basis, are the Google 

search query suggestions that you get. So the ‘did you mean’ things, 

right? So what I did, Erika and Veronika, I just keyed in your names, but 

I misspelt them, so I did an Erika Dorics and a Veronika Kuller.  

Veronika: Thank you for that. (Laughter) 

Erika: Okay. Did you find them? Did you find these people? 

Bernard: My pleasure. Well, good news for you, the system immediately replied 

or asked me, ‘Did you mean Veronika Koller and Erika Darics?’. So 

there you are.  
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Veronika: Oh good. So what this reminds me of is when we went to online 

teaching and that triggered that we now all have auto-captioning, even 

when we're doing live lectures. And in my department we had a 

separate chat channel with colleagues about auto-captioning gems. 

Two theorists for instance that I refer to in my lectures quite a bit are 

Halliday and Matthiesson. And that always came out in the auto-

captioning as Holiday in Madison. And the best bit was when I 

introduced myself in a lecture and the auto-captioning actually informed 

me that I am now Professor of Disco Studies.  

Erika: I love that.  

Veronika: Professor of Disco Studies, that's me.  

Erika: I have a story close to my home about natural language processing, it's 

my close relationship with this friend called Duolingo. And my 

adventures in the Dutch pronunciation. So you know, how the system 

picks up my attempts, I can tell you it's not an easy ride with Dutch  [x] 

[as in the first consonant of Erika’s new home city, Groningen] and 

glottal sounds.  

Veronika: I use Duolingo as well for learning language, and it does have this 

feature where it checks your learner pronunciation. Although sometimes 

I think no, that was actually not correct, it shouldn't let that pass. And 

sometimes I think what's your issue? I've done that perfectly. But I 

mean, Duolingo is a great resource I have to say for language learning, 

so I'm a big fan.  

Bernard: So you can use natural language processing tools to improve 

pronunciation of Danish and Dutch in your cases, Erika and Veronika, 

you can also use NLP [natural language processing] to solve questions 

and research questions that we have in linguistics. And one of those 

questions that I was interested in was the obfuscation hypothesis.  

Well, the obfuscation hypothesis basically states 

that companies try to hide bad annual results in their annual reports by 

making the texts less accessible and more difficult to read. And we 

wanted to find out whether that was actually the case. Now, how can 
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you do that without natural language processing tools? That's very hard, 

right? 

Veronika:  Why? 

Bernard: Because what is readability? And what is document complexity? So you 

need measures, okay? And what you can think of are things like 

sentence length perhaps and word length. And you actually have tools 

on your word processors that do that for you, but with natural language 

processing we also have things like deep level analysis.  

And basically, that is syntax, so the tools can help 

you to find out how many passives you actually have, how many 

subclauses you actually have, how many agentless passives you 

actually have. And that gives a better insight into the actual readability 

of these documents. So it's far more complicated than just sentence 

length and word length.  

Erika: Right. I'm sure you had some of these in your own practice, Veronika, 

when you write in Word and you get prompts about breaking up a 

sentence.  

Veronika: Yeah, and sometimes it's actually for the register that I write in, when I 

write something academic, it's actually not appropriate. Because in 

academic writing, you have a lot of these hedging devices, right? So 

‘results appear to suggest’. And then, Word prompts me to say, ‘It would 

be better if you made this more concise’. And I think well, it wouldn't be 

because the register is such.  

I mean, on a broader level really, I'm wondering – 

so you have these prompts in Word, you also have Grammarly for 

writing, does that actually, all these prompts about readability and 

grammar and syntax, does that actually make learning a language 

obsolete? I mean, that would be worrying for educators, right? And what 

about automated translation? Do you still need to learn a language, if 

you just hold your phone over something and it translates it for you? 

What's your view on that?   
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Erika: It's easy to see this in this very deterministic way, to say if Grammarly 

can tell us what's the right grammar, we won't need grammar teachers, 

we won't need educators because you put into the system whatever you 

want and out comes the right thing. But you just said yourself that in 

certain contexts for your register, it is necessary to use more hedged 

grammar or more complex sentences.  

So yes, readability is easy to measure, but what 

is harder to do is be very sensitive to the context, to the purpose of that 

text. And well, I personally think that not only are those things good, but 

they are also raising awareness in people. So if you are prompted in 

your system ‘hey, did you not want to say this?’. You will stop in your 

tracks and think why is it prompting me to do that? So what it is 

essentially doing is it's raising language awareness, awareness of how 

language works.  

Bernard:  What I can add to that is we actually use automatic translations in 

teaching translation classes. And then we actually analyse what the 

computer did and that, too, raises language awareness. So you can 

actually integrate that into your teaching, I think.  

Veronika: So enhance teaching, not make it obsolete, very good.  

Erika:  We have with us Joke Daems, who is a postdoctoral research assistant 

at Ghent University and fitting this episode, their research interest 

includes machine translation. Joke is currently working on a project 

studying the potential of translation technology for literary translation. 

Hi Joke.  

Joke Daems: Hi.  

Bernard: Hi Joke, nice to have you here, thank you for accepting our invitation.  

Joke Daems: Yeah, thank you for inviting me, I'm excited.  

Bernard: Well, I think it would be hard to disagree with the observation that 

automatic translation is getting better and better in the last couple of 

years. Okay, even to the point that people get lazy because we just 

throw everything in Google translate and there you have it.  
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Now, the sky seems to be the limit, because Erika 

just mentioned that you're now looking into using NLP, natural language 

processing, etc automatic translation and apply that to literary texts. 

Now for some people I think the first response would be ‘that's 

impossible’. Can you tell us a little bit more about this? How on earth do 

you do this? And what's the quality like at this point? 

Joke Daems: Yeah, absolutely. There's different things to this, right. So the first one 

is really just a curiosity question, like does machine translation offer 

sufficiently high quality for something that we feel is so typically human, 

is so creative that it can't possibly be taken over by machines. Really, 

just a way of seeing how well do these systems perform at the moment.  

And there are very different results there, when 

we look at quality of machine translation, we're looking at how fluent is 

a sentence in a target language and how adequately does it represent 

what is actually in the source. And the research in this is relatively new, 

so not a lot of people have done it yet. But the things that we see so far 

is anywhere between 5% up to 45% of sentences do not contain errors, 

even for literary texts.  

Now obviously there are big differences for 

language combinations, an English–German translation system will be 

much better than an English–Russian one for example. One of the 

things that we found, for example, one of the texts we looked at was 

Sense and Sensibility by Jane Austen. And there only 5% of sentences 

contained no errors, because the style is so difficult and the sentences 

are so long that obviously there it's much harder. But yeah, that is sort 

of where the baseline is at.  

Veronika: It's very much in its infancy by the sound of it, really.  

Joke Daems: Yeah, and also that is just one aspect of quality, like this sentence, is 

this accurate enough? Is it fluent enough? But obviously when you read 

a novel, there is so much more that comes into play. So the reader's 

experience is also something. And one of the things that we do see is 

for example where a machine translation system was involved, there it 
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is much less coherent or less creative than a text that is translated by a 

human translator.  

So there obviously we expect it to influence the 

reading experience as well. So there's definitely much more, we can't 

just look at quality from does it contain errors. With literature there's 

much more to be looked at, obviously.  

Bernard: Yeah, so what you will need to do then to improve the tool is have a 

different training set, right? Wouldn't you need translated literary texts 

to start with? Then, of course the question is if you already have so 

many literary texts that are translated, why do we still need an 

automated translation of that very same text or book? 

Joke Daems: It's true that you would need literary texts to train your system. That's 

actually something that has been done, and one of the things that I'm 

personally looking into is- a translator often translates, once you start 

translating from a certain author, you might want to translate more of 

their work. So you already have, say, three novels that you translated 

from a certain author and they come out with a new book. It might be 

nice if they have a system that is additionally trained on the work you 

have done before, which is really your work, and then have that system 

guide you in the process of translating that fourth novel.  

So instead of working with a generic machine 

translation system that doesn't really work well for literature, you'd have 

a system that has been additionally trained with data that comes from 

you. The translation that you have made before and ideally should be 

better suited to guide you in the translation process. That is really what 

I love to look into with this research I'm currently doing.  

Erika: That really is a nice, positive spin on this, because as we were chatting 

about language technology and language and technology in this 

episode we keep coming back to this same idea: would these 

technologies make us linguists, translators, educators redundant? Are 

there areas where you absolutely must have the human touch? And 

how about interpreting? 
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Joke Daems: That's an understandable fear, right? When more and more can be 

automated, what is left to do for the human translator? I see machine 

translation as a way of supporting the translator, the same was true of 

translation memory systems. You know, when they were first 

introduced, these databases of previously made translations, that was 

also a very revolutionary idea and a lot of translators were like, ‘Oh no, 

I'm not going to reuse recycled translations’. And now it's hard to find 

translators that are not working with a translation memory at all.  

So I really see it as it's up to the translator to know 

when it's beneficial to have certain tools at their disposal and when 

machine translation can be of benefit. I really see it more as a support 

for the translator, rather than machines are going to take over.  

There are contexts where machine translation is 

sometimes the only available option. Certain texts that will go 

untranslated, where people need access to information really quickly, 

where it's either machine translation or no content in your language. 

And there obviously it's good that we have that. But I think you asked 

about cases where translation will never be obsolete, and I think 

anything where there are ethical or legal concerns is definitely 

something where you would have to keep a translator in the loop at the 

very least. Anything where legal decisions are made or diplomacy or 

things like that.  

And obviously from the more creative point of 

view as well. A system can be very good in translating a very specific 

type of text or a specific language. But language is constantly changing, 

and I think humans are currently slightly better suited at handling that. 

If you have a machine translation system that is very good at translating 

say patient information leaflets, that might not be the best system that 

you can use. What if you have a doctor that writes a memoir that also 

contains some of their poetry? And it's sort of a mixture of genres, what 

do you do with that? There is no system that can do that, but humans, 

they can switch gears and handle that slightly better.  
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Veronika: We have here one last question for you, Joke, because in our previous 

episodes we talked about translating and interpreting when the stakes 

are high. And you mentioned that for some of the ethical and legal 

contexts at least, you need a human translator in the loop. Now, we've 

talked a lot about automated translation. What does the field look like 

for interpreting? So really online interpreting as the language is being 

produced.  

Joke Daems: Yeah, I think I have to disappoint you there a little in the sense that I 

don’t really have any personal background or experience with 

interpreting myself. I do feel that it's much harder in a sense, because 

if it translates automatically, you have the text, you have time to look 

over it and see where the system messed up and it's really something 

that you generally- I mean, translators also work under a lot of time 

pressure. But you're not expected to deliver a direct translation, 

whereas while you're interpreting it's generally expected that you get 

the content out that way. So then, it's much harder to pick up on these 

things. I think if the system were to mess up, it's much harder to be 

corrected in such a flow.  

And I also think the human aspect there is 

important because you can read so much about the situation, the 

context, that a system can't see. There's body language, where the 

atmosphere is, what the context is, you understand the implications for 

the person that you're interpreting for. You understand their situation, 

whereas a system just gets the audio and tries to turn that into audio or 

text in another language, but it doesn't really consider all the 

consequences of the translations. In that sense I definitely think that it's 

much more problematic than for written translation. But I'm not an 

expert like I said.  

Veronika: No, but that's still very interesting and we'll watch this space for literary 

translation, no doubt.  

Erika: Well, I'm very grateful for your positive spin on things, as I said we had 

some worry and anxiety about developments in language technology. 
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So your point on using these technologies as help and assistance was 

actually a really good one. Thank you very much for that.  

Veronika: Thanks for the whole interview, Joke, great to have you.  

Bernard: Thank you, Joke, thank you, bye bye.  

Joke Daems: Thank you for having me. Bye.  

Erika: Great, so let's get back to our original agenda. We have done natural 

language processing and automated translation. What we still need to 

have a look at is something that I have very strong views on, and that's 

sentiment analysis.  

Bernard: I know that sentiment analysis is used in many cases to monitor social 

media. So to get an overview of the wider public opinion behind certain 

topics. And in many cases it's used by companies for competitor 

analysis or to analyse what people think about their own products or 

new products perhaps, or in terms of crisis management, as well.  

So I think there are proper uses, but perhaps 

what you're struggling with a bit, Erika, is how do they do that? Because 

you have positive, negative and neutral in sentiment analysis. But you 

have lots of things in between as well, I suppose. Is that what you have 

worries about? Or what is it? 

Erika: Well, yes, but also the fact that it takes language as a very simple input 

or tool, a code system. Let me give you an example from the research 

I did on crowdfunding campaigns. So there are quite a few studies 

usually not coming out of linguistics departments, where they say, ‘Oh 

we examined the language of 200 or 2,000 successful campaigns and 

this is the top list of 30 words that recur in the successful campaigns’.  

So what comes next? If you use these words 

(laughs) you are more likely to be successful. And of course, language 

doesn't work like this, we don't look at language in isolation. One of the 

studies labelled the word ‘worry’ as a negative word. And of course as 

something that doesn't occur in successful campaigns. But we've 

examined a campaign where the campaign talked about ‘worry-free [of] 
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infection’. So ‘play worry-free of infection’. So there of course ‘worry’ is 

not a negative word.  

Veronika: But another example, because sentiment analysis is also used to gauge 

how severe a customer complaint is for instance. And just before- like 

many people, I'm on a WhatsApp group for parents at the school. And 

there was a bit of confusion today about when to pick up our children 

today because communications weren't as clear as they could have 

been. And one parent posted, ‘Great communication from the school as 

always!!!’. So how does sentiment analysis deal with cynicism like that 

or sarcasm? 

Bernard: That's interesting. Now, if I can pick up on that, a couple of years ago I 

was invited to be a member of the jury of a PhD and the title of the PhD 

was, Can Machines Sense Irony? Now, as a layperson and as a linguist 

perhaps, one of the obvious answers to that question you may have is 

well, I don't think so. And let me see how you do it. To be honest, that 

was the initial take I had as well.  

And then, I started reading this PhD and I got to 

read that performance levels on tweets, so isolated tweets, were 70% 

accuracy, which it's not bad. But how good are people actually at 

detecting irony is another question you could ask yourself as well. How 

many people pick that up?  

Veronika: I think that's something we may talk about in our next episode when we 

talk about when people communicate online or in computer mediated 

communication. What may or may not get lost there in terms of human 

irony detection.  

Erika: And we can also ask our next guest.  

Bernard: Our next guest is Orphée De Clercq, she's assistant professor at Ghent 

University, and she's also a colleague of mine. And of course she works 

on language technology and more specifically, she's looking into ways 

of implementing language technology in teaching applications. She's 

also interested in how we can use these language processing 

techniques to aid students via computer assisted language learning. 
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And she has great expertise in deep semantic processing, also 

readability prediction and text mining. So the things that people write on 

social media, she's looking into that from a sentiment analysis 

perspective.  

Hi Orphée, that was a mouthful.  

Orphée De Clercq: Hello, thanks for having me.  

Erika: Hello.  

Veronika: So for some of these things I can really only guess what they might 

mean or have a vague idea. But that's what you're here to tell us. So 

obviously we looked at your profile a bit when we thought about who to 

invite and I was really curious to see that you have developed a tool on 

sentiment analysis for the retail industry. Can you tell us a bit more 

about that? 

Orphée De Clercq: Yeah, so this was actually a follow up project after my PhD. And so it 

was together with the industry, so for my PhD I looked into sentiment 

analysis and then we were contacted by a company, a Ghent-based 

company whether we could also think together with them about creating 

an application for sentiment analysis.  

Now, sentiment analysis is a very broad research field and so the idea 

is really can we automatically extract sentiment, for example polarity, 

positive or negative emotion or sentiment subjectivity from text? But of 

course if you work together with companies from the retail industry, you 

don't want to do this at the text level, so this is what is traditionally being 

done. So if you look at current sentiment analysis techniques, most of 

them, they focus at the text level or sentence level.  

But when you think about, for example, reviews 

written by people online after they have visited a shop or bought a 

product, then often they are talking about specific aspects of that 

experience or product. And so this is really what we looked into for that 

particular project. So we wanted to go below the sentence level and 

really analyse, based on written texts or written reviews, so free text by 
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people. Can we really pinpoint what people are actually talking about 

and what the sentiment is towards each of those aspects? 

Erika: Great, that's great news because we had a long chat about problems 

with sentiment analysis earlier.  

Orphée De Clercq: Yeah, of course it's not a solved problem, so nothing is for now, so we 

don't have 100% accuracy. But we did see that we managed to get quite 

good performance using a limited data set, so this is always when you 

use machine learning you always have to train your system on data and 

what is this data? This is often manually labelled data, so we had to 

manually label data reviews from customers with all of these aspects, 

with all of those sentiment polarities.  

And then, we fed that into a machine and actually, 

we saw that by annotating around 1,000 reviews, verbatim texts, we 

were actually able to reach a satisfying performance. And of course, this 

was only a first prototype and so the idea now is that more and more 

data is being annotated and as soon as you have enough data, we will 

reach a point where we have near perfect accuracy.  

Bernard: Orphée, we have to ask what is a satisfying performance for you? 

Veronika: And you also said ‘quite good results’. So what is that? Give us a 

number.  

Orphée De Clercq: Yeah, if it's around 80 or above 80% and I'm already very happy about 

it. Of course it all depends on the kind of task, what you want to predict. 

So for example, if you look at sentiment, if you distinguish between 

positive and negative, that's easier than for example distinguishing 

between different aspects.  

So for example, if you think about a product, 

people can talk about the colour, the size, the fit, etc. And so that's more 

difficult to get higher accuracies, but then again, it really depends on 

what you want to get out of it. And so, most of the time if we have around 

like 85% or even 90% then we are already very satisfied.  

Veronika: That gives us an idea, yes, thank you.  
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Orphée De Clercq: Yeah.  

Bernard: So, to be clear, you have a look at a number of characteristics of these 

products for instance and you want to link them to sentiment, right? So 

that could be positive, negative and neutral. Is that how far you go? 

Because when I think of sentiment, I also think of emotions. And you 

know, as human beings we have lots of emotions and some of us are 

better at expressing and interpreting them than others.  

So then I'm thinking how sophisticated are the 

tools that you are using in terms of sentiment analysis and what is your 

definition of sentiment in this particular case? 

Orphée De Clercq: Yeah, so when we talk about the project we've been mentioning before, 

so there the focus was really on sentiment. So just polarities, positive, 

negative and of course also neutral. So we also want to know when 

there is no subjectivity involved. We can also make this a bit more fine-

grained, so we also experimented with that. So you have very negative 

and very positive. This is also something that often you can learn this 

using a machine.  

But indeed, you are right, people are very good 

at expressing their emotions, their sentiment and we are also currently 

looking into other ways of digging a bit deeper into that. So looking into 

more fine-grained emotion detection. So actually, currently I'm 

supervising a PhD student, Luna De Bruiner, who is actually looking into 

that.  

It's not from a retail perspective, she's more 

looking at tweets for example, to see whether you can automatically 

derive emotions from that. And this is a much more fine-grained task 

and it's also much more complicated. There the accuracies, they are a 

lot lower, it's a lot more difficult.  

And as you mentioned, so we people, we 

humans, we also have a lot of different notions of emotions. We don't 

all agree on the same emotions, so it was a very interesting part of her 



 

  19 

www.transcriptioncentre.co.uk 

research to also look at some sort of way of manually labelling those 

emotions and to find agreement amongst the annotators.  

Bernard: I'm thinking of phrases such as, ‘I'm not angry, I'm just disappointed’. 

One of those typical things. So how can you do that even as a human 

annotator, then?  

Orphée De Clercq: These are very tricky cases, but this is also the interesting part, when 

you look at it from a machine learning perspective, too. You have to 

make decisions there, and yeah, you have to realise that in reality it's 

not always black and white. It is quite subjective, but in the end you 

want to reach some sort of method. You want to find a way to label this 

by humans.  

But then, allez, for Luna's research we managed 

to find such a way, which was thought out, we did a lot of experiments. 

And then, the next step of course is to also train your system and see 

how the system performs. We were able to label the data with high 

precision, with high accuracy. But then, if we feed this data into our 

machine learning system, actually the results are not that good yet, so 

the accuracy is not that high yet.  

So for us humans it's very complicated. If it's very 

complicated for us, then for a machine it will also be very, very 

complicated. So that's a very interesting part of the research we are 

doing.  

Erika: Do you think there are bigger prospects for such natural language 

processing in education, for example teaching writing and evaluating 

writing?  

Orphée De Clercq: Yes. So that's a completely different topic, yeah, indeed. So natural 

language processing, so I am also teaching a course at Ghent 

University, computer assisted language learning. And so this is actually 

a research field where we look at okay, how can we use technology? 

So computers in a very broad sense in order to support language 

learning, learners and also teachers. You see there that language 
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technology is already being used to a certain extent, but it's not that 

common yet.  

And I think overall we see that evolution in the 

field of language technology, it has really exploded in the last 10 years. 

So a lot more is becoming possible, but there is still some sort of gap 

between what is actually being used in education, in teaching. So this 

is also what I aim for with this course to enlighten our teachers, our 

future teachers like what are the possibilities of language technology.  

And then, research-wise, I think what you see 

now is that you have a lot of interesting software applications available. 

But often these have been developed by commercial partners, big 

companies, and so it's sometimes also a bit difficult to really understand 

whether it's actually useful, what is the validity of those tools for 

language learners, for example. So this is also something that I am 

looking into to see what kind of characteristics should you pay attention 

to if you want to incorporate this kind of technology in the classroom.  

Veronika: So again, it's getting more linguists probably to team up there, yeah.  

Bernard: We also talked about this in the introduction about these tools actually 

raising language awareness with the people who actually use them. 

Now, you're also looking into automated writing evaluation, if I'm not 

mistaken, Orphée. Where does that leave us as teachers and as 

assessors in ten years' time? Because you can also think about 

automatic translation and you know that the number of students actually 

studying translation is lowering because of these perceptions that you 

have; so why should we still study translation? What does that entail for 

teachers and teaching in general then, these tools? 

Orphée De Clercq: Yeah, that's a very interesting point and it's also a question that's often 

raised by students or by people I talk to when I talk about my research, 

about my work. Yeah, indeed, I don't think a teacher should be replaced, 

that's my personal opinion, but I think what we see now is that the role 

of the teacher is maybe changing a bit. So you see this in everything, 

so all the skills, whenever you use artificial intelligence or in this respect 
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language technology, you see that the role of the teacher is changing 

more from a teacher to a coach, I think.  

And I think this is also interesting for the future, 

so this is what I expect. So in the field of computer-assisted language 

learning it's really like the computer is there to assist both the learner 

but also the teacher. So if you think for example about writing evaluation 

from the teacher perspective, it's a very time consuming and difficult 

task. And there has also been lots of research saying that if you want to 

have a good evaluation of a writing class, you should have multiple 

evaluators in order to not have bias within the evaluation.  

When learners want to become better at writing, 

they should practise a lot and receive individualised feedback. If you 

think about this from a teacher perspective it's actually a lot of work to 

really guide that process and to really correct everything. So why not 

use technology in order to alleviate or facilitate some of these tasks, so 

that you as a teacher can free up space for the bigger picture, maybe?  

For example when you think about a writing task 

you can easily already use technology to correct or give feedback on 

very low-level mistakes, mechanical errors, spelling errors. And then 

you, as a teacher, you can zoom in more on the bigger picture, like the 

overall coherence and cohesion of your text.  

Veronika: Let's hope that employers see it the same way and don't just see it as 

an opportunity to cut back on teaching staff, really. But I guess that 

remains to be seen.  

Orphée De Clercq: Yeah.  

Bernard: I know that we’re running out of time, but maybe I can ask this question 

anyway and then we can see what we select afterwards. You are a 

linguist by training, right so what is the added value of a linguist when 

you’re programming and when you’re developing these tools?  

Orphée De Clercq: It’s looking at the data [well], I think that’s the main added value of being 

a linguist. We always start from data, we spend a lot of time on 
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annotating the data. We’re really thinking, ‘okay, so we have this kind of 

problem and we want to create a system that can automatically do what 

we humans do’. We always start from our inward perspective,  how do 

we humans solve such a problem, and we use linguistic knowledge to 

that purpose and then we look how we can translate that to a machine 

learning system.  

But then nowadays, you also have this evolution of deep learning, where 

actually that first part of data annotation, of data labelling isn’t that 

crucial anymore and you get good results by using very powerful 

engineered machine learning algorithms. But there you see that it is also 

very important to look at the output and again, there the linguistic insight 

is very important to see what is going well, what are the typical problems 

that still remain and how can we dig a bit deeper? So when you have a 

linguist in the room, that person will also always be looking at the 

exceptions, the difficulties, odd cases. And this is really important 

because if you really want to come to language understanding via 

computers, then all these things also have to be taken into 

consideration. So I think that is the main advantage of having a linguistic 

background, that you really understand language and know a lot about 

the nuances, the difficulties, the exceptions. And then you can also 

incorporate or think about how we make sure that the systems also 

incorporate this type of information into their models.  

Bernard:   That’s a comforting thought.  

Erika: Thank you very much for those insights, Orphée, it was lovely to have 

you and good luck with your project.  

Veronika: Yeah, bye bye.  

Bernard: Thank you very much, Orphée. Bye bye.  

Orphée De Clercq: Thank you very much, it was very interesting, bye bye.  

Veronika: Good, right, so I've learnt so much in the preparation and doing of this 

episode. So I guess in a basic way, you could say that language 

technology is really about getting computers to do useful things with 
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human language, whether in spoken or written form. And come to 

realise that there is really huge potential in terms of practical application.  

But of course, it also raises a number of 

questions especially for people who are experts in other linguistic areas, 

not necessarily computational linguistics. So what are the advantages 

and dangers and challenges? We've talked about what's the future for 

linguists and language educators. How can computational linguistics 

and applied linguistics work together for mutual benefit? 

Erika: And this is even more important because in our world, when these 

applications can actually influence society and influence learning. So if 

these systems are programmed by people who do not have a good 

understanding of the importance and the power of language, that kind 

of learning especially when it comes to training the computers can 

actually become pretty dangerous. So more discourse analysts into 

development!  

Veronika: And as it happens, we do have an applied linguist who does work with 

a company about developing, in this case, chatbots. So let's welcome 

Doris Dippold to the podcast.  

Great, so our third and final guest of the day is 

Doris Dippold. Doris is a senior lecturer at the School of Literature and 

Languages at the University of Surrey in the UK. And she has recently 

worked on projects that explore the interactions between humans and 

machines. So she's an obvious candidate for an interview, of course, 

today.  

But the reason why we really wanted to chat with 

her is because her work very much proves that there is a space for 

applying linguistics and indeed linguists in projects on language and 

technology. So for example, she has a recent paper which is about how 

interaction sociolinguistics informs the redesign of chatbot terms. So 

Doris, pleasure to have you, and welcome to Words and Actions.  

Erika: Hi Doris.  
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Bernard: Hi Doris.  

Doris Dippold: Very nice to have me.  

Bernard: So Doris, first question, to get an idea about the scope perhaps of their 

use, so the use of these chatbots: when and where are they being used 

as we speak? 

Doris Dippold: Chatbots are used for a huge number of purposes these days. And I 

think each and every one of you hopefully has used one before. You 

have customer service chatbots, which support you when you want a 

refund on an item perhaps that you have bought or ask a question about 

a service. There are chatbots which help you plan a trip and book 

tickets. But there are now even chatbots to provide support for mental 

health issues, for example. I am currently working with a company that 

is developing a chatbot which supports patients with booking, 

cancelling, rescheduling, planning for doctor's appointments. So they 

are used for a huge amount of different purposes.  

I don't know, have you recently used a chatbot perhaps? 

Bernard: Well, I have actually, preparing for this episode. I used Billy, which is a 

chatbot that we have in bol.com, it's a shopping site. I also had a look 

at the local banks, and what I notice is that we have alliteration. So we 

have Katie from KBC. We have Inge from ING, etc. So yeah.  

Veronika: Yeah, I tend to avoid them personally, but that's maybe just me, really. 

So they can do quite amazing things, we know that. But we also know 

that there's one area that's really hard to generate automatically and 

that's pragmatics. The study of how speakers use language in particular 

contexts to get meanings across. How does that work, Doris, when 

developing chatbots? How do you get the pragmatics right?  

Doris Dippold: Okay, yeah. I mean, as you said, it's a really difficult area because 

pragmatics is complex and how we express pragmatic meaning 

depends very much on our understanding of the world, of our 

assessment of factors in it. And training a machine to do that is just 

incredibly complex and difficult. And at the moment… now I have to say 
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perhaps that I'm not an expert in chatbot development, but I've learned 

a lot in the last year when I engaged with this topic.  

So chatbots are generally trained on large 

corpora of language. But these corpora, the strange thing about them, 

they are often written corpora, corpora of written language. And 

obviously written language is very different from spoken language, it 

doesn't have the interaction, it doesn't have the negotiation of meaning 

that we do in [spoken interaction].  

And then, also what we do now know is that 

corpora that are used for training are often very much skewed towards 

when we talk about English now, native Englishes. Standard or native 

or standard Englishes, American English, British English perhaps. But 

what that means in practice is that people who do not speak native 

Englishes, who speak other varieties of English, can find it more difficult 

to engage with chatbots. And it might also be more difficult when we go 

back to pragmatics, to pick up on the underlying meaning that they want 

to express because the training hasn't taken place in that way.  

Erika: Can you give us an example from your recent work? 

Doris Dippold: I haven't got an example from my recent work. Although well, I am 

actually currently conducting another study, so this is with the company 

that I'm working with for the doctor's appointments and that. So last 

week, we ran five people through the system, to book and cancel an 

appointment. And we had some native speakers, we had some non-

native speakers, we had a variety of people there.  

And this was less about the assessment of how 

the bot spoke to them actually, but there were really big differences in 

the way they sort of, okay, some thought okay, this needs to be quite 

plain and simple and transactional and up to task. Some thought no, 

actually I need a bit more thank yous and ohs and okays, a bit more 

discourse markers and so on and so forth.  

So I think when we talk about chatbot 

development in the future we really need to think a bit more about the 
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things we normally think about in spoken language. Politeness, the kind 

of social expectations that people have of these interactions and 

different user groups as well and how they engage with chatbots.  

Bernard: So they are called chatbots, but they're not very good at chatting just 

yet, are they?  

Doris Dippold: Yeah, well that's basically it, yeah.  

Bernard: Your comments about non-native accents made me feel a bit self-

conscious, because we were talking about my wife's car's voice 

recognition. And we were saying that it wasn't sophisticated enough yet 

because it didn't pick up all the commands I was giving it. But maybe it 

could also be related to capturing non-native accents there.  

Doris Dippold: Absolutely. Yeah.  

Veronika: Yeah, so one thing is accents, one thing is cultural background which 

influences how we use pragmatic things like politeness or irony or 

whatever it is, yeah.  

Erika: Exactly. And all sorts of features like someone's age or how digitally 

native you are, how used you are to digital chatting and online 

conversations.  

Doris Dippold: Yeah, absolutely. And so this is one of the things we want to explore 

with this company, with this work in the future. Because obviously this 

chatbot is there to book people into doctor's appointments. So if you 

think back to last year when the vaccinations started for Covid, there 

was a huge [debate] at least in the UK about certain ethnic groups not 

taking up the vaccine as much and so on, than other ethnic groups.  

We know that there are health inequalities 

pertaining to certain ethnic groups. So if a system such as that, a 

chatbot, invites people for example to routine vaccinations or 

screenings, if this is rolled out to a wider group, we need to make 

absolutely sure that it is fit to speak to every patient group.  
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So for example, if we want to invite women to 

their cervical screening appointment. Speaking to a 40-year-old white 

British woman might be very different to speaking to a woman from an 

Asian background, for instance. So we need to make sure that we adapt 

these systems and the language they use accordingly.  

Erika: So I guess that's the argument for applying not just corpus linguists to 

teach the chatbots, but sociolinguists, who understand the differences 

between interactions in various social groups.  

Doris Dippold: Yeah, absolutely, of course.  

Veronika: Right, that's fascinating insight, really, where we are at at the moment 

with chatbots and what role computational and sociolinguists have to 

play in that. So that's really great, thank you, Doris for that, for talking, 

chatting even about your research.  

Doris Dippold: Okay.  

Veronika: Thanks a lot.  

Bernard: Thank you very much. Bye bye.  

Erika: Thank you. 

Doris Dippold: No problem.  

Bernard: Right, so that was the last interview. What a rich episode this was, right? 

There are so many things that we can think about and there were so 

many perspectives.  

Veronika: Really mind-blowing, yeah.  

Bernard: Yeah.  

Erika: Yeah, I mean, we set a full agenda anyway, because we wanted to 

cover, remember we covered natural language processing, voice 

recognition, machine translation, chatbots, sentiment analysis. So loads 

of things.  
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Bernard: Talking about these chatbots, I still have a concern though. Because 

you could see that the industry, they're trying out many, many different 

things. And one of them being the open domain chatbots, so a chatbot 

that you can talk about anything to. Okay?  

And you can see that on Blender for instance, 

which is Facebook's chatbot, that's one of those open domain chatbots. 

But the problem is that it doesn't have a personality, nor does it seem 

to have a kind of ethical filter.  

So what you can see is if you were a racist for 

instance and you talk to that chatbot, after a while, the chatbot will turn 

into a racist as well. So that is a big concern that I have, the absence of 

there being a kind of ethical filter. And that is where we come in as 

linguists, but also as human beings. So why should a chatbot be 

replacing us in casual conversation? That's a concern that I have.  

Veronika: I also think a concern is if you get no more pushback on anything, what 

does that mean? If you're not forced to defend your own viewpoint or 

negotiate or learn, what does that mean for human interaction as well? 

Bernard: True. The chatbot is being portrayed as your friend, but as a friend you 

should also be able to disagree with someone. And that is not 

happening, at least not to the extent to which ethics is safeguarded. 

Erika: And perhaps an even more sinister thing under the surface is what Doris 

Dippold told us about how corpora are used to train these chatbots. And 

of course, where do these texts come from? Who checks what those 

texts are about or what kind of views they represent? And what if those 

corpora are biased or racist or stereotyped? Then, that means it will 

train a chatbot to assume that kind of thinking.  

Veronika: We had a bit of a red thread in this episode, about will linguists and 

human language workers become obsolete? And I'm a bit more 

reassured, I don't think not just yet. And there's certainly a future for 

linguistics and linguists in this. I mean, what I can see is that scientific 

curiosity can become exploited. So whatever it is, chatbots or voice 

recognition or sentiment analysis, because it's also a great cost cutting 
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measure for companies. So I think that is a social and economic risk. 

But on the whole, I would say that I have a much more differentiated 

picture of it than I had when we started planning for this. And I certainly 

know a lot more, and I can have a much better understanding of why 

this is really fascinating and can trigger curiosity.  

Erika: Yes, and we will continue feeding that curiosity next time, when we 

continue our exploration in the digital world.  

Veronika: Yes. So we'll see you for that, hopefully, hear you for that. And so for 

today, we thank our three experts for being with us today and teaching 

us so much. And we hope that you'll be with us again next time.  
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